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Abstract  
Background and Objectives: Estimating forest tree structural attributes such as height and diameter at breast height (DBH) 

is crucial for understanding the structure and management of forest resources. One important method for estimating these 

parameters is the individual tree detection (ITD) method using appropriate remote sensing data, such as airborne LiDAR data. 

However, it should be noted that different ITD methods have various limitations and capabilities and react differently to 

changes in forest tree species and the vertical structure of the canopy. 

Methodology: This study presents a hybrid individual tree detection method that combines raster-based and point-based 

methods in a multi-scale framework to identify single trees from LiDAR data. In this method, tree crown scale levels are 

obtained from morphological filters in the canopy height model (CHM). Segmentation is then performed using a multi-scale 

method, and the results are merged. To better separate adjacent and understory trees, the point cloud inside the segments is 

analyzed using the probability density function, and tree crown segments are modified. After detecting single trees, DBH and 

height parameters were estimated using ground control data and extracted features from LiDAR data with machine learning 

algorithms, including random forest (RF), support vector machine (SVM), and cubist (CB), in the form of 10-fold nested cross-

validation (10-fold NCV). The Boruta feature selection algorithm was used to identify the most important metrics based on the 

LiDAR point cloud, which played an effective role in improving the performance of machine learning algorithms. Due to 

limited access to LiDAR and ground data from Iran’s forests, this study uses the NEWFOR single tree detection benchmark 

dataset, collected from forests of the Alpine region with a combination of different tree species and vertical canopy structures. 
Results: Although understory trees cannot be extracted with the same accuracy as overstory trees, the results of this study 

showed that, on average, the developed multi-scale individual tree detection (MSITD) method detected 89% of the tree crowns 

in the highest height layer and the highest number of small overstory trees with a detection rate of 48% in the lowest height 

layer (2-5 meters). The analysis of the machine learning algorithms’ results in estimating forest structural attributes showed 

that, despite slight differences in performance, the SVM algorithm performed better than the RF and CB algorithms in 

estimating both height and DBH attributes. For the height attribute, the mean values of RMSE, rRMSE, and R2 in the SVM 

algorithm were 1.75 m, 9%, and 0.85, respectively. For the DBH attribute, the values obtained for RMSE, rRMSE, and R2 

were 4.74 cm, 19%, and 0.78, respectively. 

Conclusion: The evaluation of the results showed that the methods presented in this study for identifying single trees and 

estimating forest tree structural attributes have high potential for practical applications. 
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Table 1. General characteristics of the study areas and LiDAR data  

Area ID Area name 
Airborne LiDAR data  Mean tree 

height (m)  

Mean diameter 

(cm)  
Main tree species  Forest type  

Sensor Point densiy 

1  Saint-Agnan Riegl LMS-Q560  13  17.1  30.1  Fir, beech ML/M 

2  Cotolivier  Optech ALTM 3100  12  18.1  25.8  
Scots pine, larch, 

spruce 
ML/C 

3  Cotolivier  Optech ALTM 3100  11  16.5  29.7  Scots pine, larch SL/C 

4  Pellizzano  Riegl LMS-Q680i  95  13.7  16.7  
Larch, spruce, fir, 

sycamore, poplar 
ML/M 

5  Pellizzano  Riegl LMS-Q680i  121  25.6  40.9  Spruce, larch, fir SL/C 

6  Asiago  Optech ALTM 3100  11  16.9 23.7  Spruce, fir, beech ML/M 

7  Asiago  Optech ALTM 3100  11  13.9  16  Spruce, fir, beech ML/M 

8  Asiago  Optech ALTM 3100  10  23.6  29.5 Spruce, fir, beech SL/M 
SL/C: Single-Layered Coniferous forest; SL/M: Single-Layered Mixed forest; ML/C: Multi-Layered Coniferous forest; ML/M: Multi-Layered Mixed forest. 
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Figure 1. Location of the eight study areas  
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Figure 2. Workflow of the methodology  
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Figure 4. (a) LiDAR point cloud, (b) Tree segmentation results of the MSITD method levels in part of study area 

#5. Matching of three reference and detected trees, (c) Three merged neighboring trees before segmentation 

refinement, and (d) separating the three neighboring trees with probability density function  
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Table 2. Performance evaluation of the MSITD method at the study areas  
Area ID  

(Forest type) 

Nr. Ref. 

trees 

Nr. Det. 

trees  TP FP  FN  Com% Om%  r  p  F 
RMS_H 

(m)  
RMS_V 

(m)  
 )ML/M(1  352  281 251 30 101 10.68 28.69 0.71 0.89 0.79 1.91 1.63 

 )ML/C(2  22 28 19 9 3 32.14 13.64 0.86 0.68 0.76 1.79 1.35 

 )SL/C(3  49 45 41 4 8 8.89 16.33 0.84 0.91 0.87 1.61 1.01 

 )ML/M(4  47 43 37 6 10 13.95 21.28 0.79 0.86 0.82 1.65 1.03 

 )SL/C(5  235 210 205 5 30 2.38 12.77 0.87 0.98 0.92 1.52 0.95  
 )ML/M(6  169 139 99 40 70 28.78 41.42 0.59 0.71 0.64  1.75 1.36 

 )ML/M(7  107 92 73 19 34 20.65 31.78 0.68 0.79 0.73 1.91 1.08 

 )SL/M(8  79 97 68 29 11 29.9 13.92 0.86 0.7 0.77 1.83 1.12 

Overall  1060 935  793 142 267 15.19 25.19 0.75 0.85 0.79 1.76 1.22  
SL/C: Single-Layered Coniferous forest; SL/M: Single-Layered Mixed forest; ML/C: Multi-Layered Coniferous forest; ML/M: Multi-Layered Mixed forest. 
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Table 3. LiDAR-derived features for each single tree  
Definition  Metric  Definition  Metric 

Maximum height  zmax Cumulative percentage of return in the 2th layer  zpcum2 

Mean height  zmean  Cumulative percentage of return in the 3th layer  zpcum3 

Standard deviation of height distribution  zsd  Cumulative percentage of return in the 4th layer  zpcum4 

Skewness of height distribution  zskew  Cumulative percentage of return in the 5th layer  zpcum5 

Kurtosis of height distribution  zkurt  Cumulative percentage of return in the 6th layer  zpcum6 

Entropy of height distribution  zentropy  Cumulative percentage of return in the 7th layer  zpcum7 

Percentage of returns above zmean  pzabomean Cumulative percentage of return in the 8th layer  zpcum8 

Percentage of returns above 2  pzabove2  Cumulative percentage of return in the 9th layer  zpcum9  

5th percentile of height distribution  zq5  percentage 1th returns  P1th  

10th percentile of height distribution  zq10  percentage 2th returns  P2th  

20th percentile of height distribution  zq20  percentage 3th returns  P3th 

30th percentile of height distribution  zq30  maximum eigen value  eigen_largest  

40th percentile of height distribution  zq40  mean eigen value  eigen_medium 

50th percentile of height distribution  zq50  minimum eigen value  eigen_smallest 

60th percentile of height distribution  zq60  Surface curvature  curvature  

70th percentile of height distribution  zq70  Eigenvalues linearity  linearity  

80th percentile of height distribution  zq80  Eigenvalues planarity  planarity 

90th percentile of height distribution  zq90  Eigenvalues sphericity  sphericity 

95th percentile of height distribution  zq95  Eigenvalues anisotropy  anisotropy 

Cumulative percentage of return in the 1th layer  zpcum1 Eigenvalues horizontality  horizontality  
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Table 4. Performance evaluation of the ML algorithms for height and DBH estimation for all study areas 

Evaluation metric  Height (m) DBH (cm) 

RF  SVM  CB RF SVM CB 

RMSE  2.12  1.75  1.95 4.94 4.74 5.04 

rRMSE (%) 12 9  11 20  19 20 
2R 0.79 0.85 0.81 0.73  0.78 0.75  
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